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* Our research focus: finding the ways of predicting *
missense mutations’ impacts on proteins.

% The potential benefits of variant analysis
— Improving patient care
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— treatment outcomes.
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The raw data included 3892 mutations. Deleting the
non-coding regions of the raw data, 2769 mutation data is left ‘
in the used dataset.

. m 1 score — 86.1%
e observed with 1000 tree number
e most effective feature — CADD score
CADD score is one of the features mostly related to
the LoF consequence, thus carrying the most
informative feature overall.
m with node embedding features
m dataset altered via node2vec
o 65 new feature columns added
e performance increased in overall
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